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[ Abstraet] As a non-traditional but very novel and accurate method, genetic method represents a new and reliable hope
in the diagnosis and treatment of most hereditary retinal diseases, especially for Leber’ s congenital amaurosis and Stargardt
disease. In recent years, with the update and improvement of clinical application technology and diagnosis level, the use of
genetic means in the diagnosis and treatment of hereditary retinal diseases has achieved great results. The purpose of this
paper is to summarize the role and latest research progress of sequencing and gene therapy in hereditary retinal diseases,
and to review the three main targeting techniques used at present.
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[ Abstract)

Deep learning, as a frontier subject, is gradually being combined with the diagnosis and treatment of oph-

thalmological diseases, showing strong advantages over traditional methods. The published deep learning articles related to
retinal diseases will be reviewed in this article, and we will analyze and point out the advantages and development prospects
of this technology for providing references for further development of diagnosis and treatment of fundus diseases.
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