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[ Abstract)

In recent years, artificial intelligence deep learning ( AIDL) technology has already aroused great concern

from all sectors of society. In ophthalmology, Chinese and foreign scholars have conducted a lot of studies on the use of
AIDL technology to assist in the detection and monitoring of eye diseases. This paper systematically reviews the research
progress of using AIDL technology in the diagnosis of common eye diseases, including the principle of deep learning tech-
nology and its application and progress of diagnosis and detection in diabetic retinopathy, cataract, glaucoma, age-related
macular degeneration, etc.
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